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Performance Improvement of Fault-prone
Module Prediction by Normalization of Software
Metrics

Tatsuya Kuramoto,” Shinsuke Matsumoto,
Yasutaka Kamei, Akito Monden, and Ken-ichi Matsumoto'

In software development, it is important to assign test effort to fault-prone modules,
which are likely to include a bug, to ensure the reliability and not to waste test effort for
fault-less modules. However, enough prediction accuracy is not always achieved when
characteristics of a target project is different from that of a base project used for building
a prediction model. This paper proposes a method to normalize software metrics used as
predictor variables of the model, to get enough prediction accuracy for such a
cross-project prediction. We evaluated the proposed method using data sets of nine
projects from NASA IV & V Facility Metrics Data Program. As a result of the
experiment, compared with a conventional method, the AUC value improved 0.07 on
average.
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